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ABSTRACT | The use of visual social networkslike Instagram in health communications
is well-documented, especially when it comes to the analysis of specific contents
to study images. However, this methodology poses a challenge due to the growing
difficulties in access and a very limited legal and action framework. Based on the
assumptions of visual sociology, this article explores a methodology to obtain data
from Instagram using scrapers, offering a revision of its technical and ethical
implications. Through this method, we analyse the distribution of Instagram posts
carrying the hashtag #SacaPecho (a Spanish expression that refers to standing up
for or showing support to a cause), created by the Spanish Society Against Cancer
(Asociacién Espafiola Contra el Cancer) on the occasion of the International Day
Against Cancer (October 19, 2020). We obtain data from more than 7,000 images
in a matter of minutes. Our work sheds light on the tools available for researchers
to access data from Instagram and proposes a debate on the ethical possibilities to
implement them.
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RESUMEN | El uso de redes de contenido visual como Instagram estd bien documentado en
la comunicacion en salud, especialmente el andlisis de contenido para estudiar lasimdgenes.
Sin embargo, esta metodologia supone un reto ante las crecientes dificultades en el acceso
y un marco legal y de actuacién muy limitados. Basado en los postulados de la sociologia
visual, este articulo explora una metodologia para obtener datos de Instagram mediante
el uso de scrapers, revisando las necesidades técnicas y las implicaciones éticas en el uso
de este tipo de herramientas. Se analiza la distribucién de imdgenes acomparadas por la
etiqueta #SacaPecho, creada por la Asociacion Espariola Contra el Cancer con ocasion del
Dia Internacional de la Lucha Contra el Cdncer (19 de octubre de 2020). El uso de scrapers
permite obtener referencias de mds de 7000 imdgenes en poco tiempo. El trabajo permite
entender las herramientas al alcance dela investigacion social para acceder a datos relevantes
en Instagram y propone un debate sobre las posibilidades éticas en este dmbito.

PALABRAS CLAVE: investigacion en redes sociales; comunicacion en salud; sociologia
visual; cdncer; métodos computacionales en investigacion social.

RESUMO | A utilizacdo de Instagram e de redes semelhantes de contetido visual
na comunicacgo sobre satide estd bem documentada, especialmente na andlise de
contetido. Contudo, as crescentes limitaces no acesso a esta informac#o representam
um desafio. Baseado na sociologia visual, este artigo explora uma metodologia para
obterdados daInstagram através da utilizagdo de scrapers. Revemos as necessidades
técnicas e as implicacGes éticas da utilizacdo deste tipo de ferramenta. Através
desta metodologia, analisamos a distribui¢do de imagens acompanhadas pela
hashtag #SacaPecho (“mostre o seu apoio”) na Instagram. A campanha foi criada
pela Associacdo Espanhola Contra o Cancro por ocasido do Dia Internacional contra
o Cancer (19 de outubro de 2020). A utilizacdo de scrapers permite a obtencéo de
referéncias de mais de 7.000 imagens num curto espago de tempo. O trabalho
permite uma compreensdo dos mecanismos a disposicao da investiga¢do social para
acessaradadosrelevantes no Instagram e propde um debate sobre as possibilidades
éticas nesta area.

PALAVRAS CHAVE: investigac8o em redes sociais; comunicac¢@o em satide;
sociologia visual; cAncer; métodos computacionais na investigacgo social.
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INTRODUCTION

Despite major advances in the study of social networks over the past decade,
automated image retrieval and analysis is, in many cases, a challenge for social
research. Since Facebook and other providers shut down access to their platforms
following the Cambridge Analytica case in 2018 (Bruns, 2019; Rogers, 2018), finding
and using network images for research has become more difficult due to technical
difficulty and various ethical considerations. Often, researchers are involved in
a manual process of identification, selection, and processing, investing large
amounts of time in cropping, copying, and pasting images into their computers.
While some seek to establish partnerships with Facebook through contests -a
costly endeavor, as discussed below- others are faced with using tools that speed
up their work, but in many cases break the Terms of Use of platforms such as
Instagram. Some advocate abandoning this type of work until the scenario is
more favorable. In the meantime, images continue to be a fundamental part of
the modes of expression and exchange in contemporary society.

Considering the above, this article reviews the use of a simple technique to
search and obtain images on Instagram as a viable alternative after the closure of
public APIs in 2018 using two scraping tools known as Instaloader and Instalooter.
To do this, it uses a case study: the Spanish Association Against Cancer’s (AECC,
by its Spanish acronym) campaign around World Cancer Day with the hashtag
#SacaPecho. This type of campaign generates large amounts of visual online
content. We explore the specific steps to design a search for images uploaded to
Instagram with a hashtag on specific dates, we analyze ethical considerations,
and propose alternatives.

The objectives are to demonstrate the opportunities available to social
researchers to access network images and to stimulate a debate on the difficulties
(technical and ethical) linked to the use of such tools and the role of platform
providers such as Instagram.

THEORETICAL FRAMEWORK: WAYS OF SEEING IN THE DIGITAL WORLD
The image as a source of sociological information

The study of images and of the social sciences have a long and complex
relationship, greatly facilitated by anthropology in the early 20th century. The
democratization in access to cameras towards the end of the 1960s, the cheapening
of color printing, and the pivotal role of visual media in the Vietnam War (Berger,
2016; Sontag, 2017) impacted the crossover between the study of images and
sociology. This opened a space for some sociologists who “rejected the dominant
paradigms in both research and theory” (Harper, 1988, p. 59).
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Gradually, the visual would become a mode of storytelling, but also a key source
of information to (re)construct them. Both are basic functions explored, since 1981,
by the International Visual Sociology Association through visual sociology, and
permeate much of the work with images in social sciences (Harper, 1996; Pauwels,
2015), especially from computational analysis.

The image in networks and Instagram, beyond content analysis

With the advent of democratized photography, the latter became an activity
common to millions of individuals and families, to the point of becoming “image
junkies” (Sontag, 2017, p. 33). The image was transformed into a mass-produced and
mass-consumed good. Early visual sociologists were aware of this situation and
seized it as an opportunity. They worked with a multitude of found photographs,
family archives, and other image banks to review the meanings and dynamics
contained in the image!. The importance of the image in social networks goes
beyond the represented and includes representation (Pauwels, 2015). While the
analysis of the represented refers to reviewing what the images show, the study
of representation has to do with the decisions at the time of producing the images
and their modes of circulation.

Rose (2019) refers to this differentiation as the four domains of the image study.
In thatapproach, the image can be studied from its contents, its mode of production,
its mode of circulation, or its mode of visualization. Beyond looking for what is
represented in the image, Rose is concerned with who produced it, how, why, how
it is shared, and under what circumstances consumers approach that image.

The volume of available images in social networks is overwhelming, with more
than 95 million uploaded every day to Instagram (Abutaleb, 2016); thus, the study
of the modes of production and circulation becomes more relevant and complex.
Hand (2016) asserts that “it could be said that the numbers of ‘found” images
mean we have to abandon any idea of analyzing individual ones” (p. 216). Authors
such as Manovich (2018) and followers of cultural analysis easily adapt to this
situation. In addition to the image’s content and form, they are interested in its
means of production and, especially, its means of circulation. In their proposal
for a cultural analytics, they understand that the volume of images is such that
an individual categorization loses meaning and limits the researcher’s analytical
capacity, but today we as academic researchers “live in the ‘shadow’ of a world
of social networks, recommendations, apps, and interfaces that all use media
analytics” (Manovich, 2018, p. 2).

1..See, as an example in social networks, Manovich (2016), Gonzalez-Requena (1988, 2013),
with their cinema examples, or Abril-Curto (2013) on political communication.
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This way of approaching networks, favoring an analysis of production and
circulation modes, without intervening on the individual texts, has had particular
importance in networks with open programming interfaces, such as Twitter, but
its use with Instagram is limited. Partly, as Rose explains, because the images
allow the identification of the individuals represented, which raises ethical issues
(Rose, 2019), and partly, however, because of economic issues.

On Twitter or YouTube, studies have been particularly fruitful when trying to
analyze volume and content in political communication (KliglerVilenchik et al.,
2020), in gender studies (Giraldo-Luque et al.,2018 ; Regueira, Ferreiro, & Vila,
2020) -applying web scraping techniques to the study of women’s representation
on YouTube or screen scraping to analyze more than 100 thousand tweets in the
#NiUnamenos movement-, as well as during the COVID-19 pandemic (Babvey et al.,
2020; Cinelli et al., 2020; Ordufia-Malea et al., 2020). In fields such as marketing,
computational network analysis is an established practice (Harrigan etal., 2020;
Purba et al., 2020; Tafesse & Wood, 2020).

These methods have a high level of development and free and open-source
options (Arcila-Calderén et al. 2019), and reduce the workload and time required
to obtain and study social network data.

On Instagram, however, the research has not followed this evolution, but has
a markedly qualitative approach. For example, in the analysis of hand-extracted
selfies (Abidin, 2016; Couture Bue, 2020), or through the then available Instagram
API (Jang etal., 2015). In 2016, Munk and colleagues claimed that “social research
onInstagram is still in its infancy” (2016, p. 2), and encouraged the use of Instagram
beyond the specific image and toward social network analysis. While there are
papers that develop methods to automatically obtain information from Instagram,
they either predate the closure of the social network’s APIs in 2018 (Highfield &
Leaver, 2014) or do not explore the ethical implications (Dewi et al., 2019). Nor
do they respond to the emergence of algorithms in social networks as a defining
moment of our era (Schie, Westra, & Schifer, 2017).

Despite these dynamics, social research on images in social networks continues
to be limited by commercial dynamics and ethical debates, by the blocking of
access, and by the lack of definition and uncertainty about what is and is not
acceptable when studying them.

Scraping as an image-retrieval method and the ethical debate it raises

Scraping is one of the techniques for obtaining images from online sources
emerged from the advent of social networks and the explosion of image production
since the early 2000s. The term refers to the way these tools operate: based on
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a set of parameters, they scrape all the content of a webpage that matches those
parameters and make it available to the user.

Scraping methods are described in detail by Marres and Weltevrede (2013),
Hirschey (2014) and, in the context of YouTube, Regueira and colleagues (2020).
Scraping tools can access a given web page (such as the Instagram page dedicated
to the #cancer tag) and download all its content, including images, accompanying
text and their metadata, via an HTML connection. This process is known as web
scraping, where the tool connects directly to the provider’s database (Instagram,
in our study). An alternative method is screen scraping: instead of connecting
to the database, the tool captures all the content loaded on the user’s screen. For
browsers such as Google Chrome, Google’s own extension store includes tools to
perform this type of extraction.

In general, scraping is a technique with a questionable reputation, often linked
to illegal practices (Marres & Weltevrede, 2013). Not for nothing is it a technique
banned on some platforms, including Instagram according to its terms of use
(Instagram, 2018), and which has been severely curtailed following the Cambridge
Analytica case in 2018. There are several reasons for this, ascribed primarily to
two risk areas of risk: for the user, and for the platform provider.

The former has to do with key issues in social studies with images, already
recognized by Becker (1974) in his proposal for a visual sociology: privacy, consent,
and inclusion. Anthropologists, ethnographers, and sociologists are no strangers
to these debates. Many papers explore the ethical implications of using images
in social research (Markham & Buchanan, 2012, 2017; Prosser et al., 2008;
Rose, 2019). Several explore this issue in relation to Instagram and social media
specifically (Henricks, 2017; Marres & Weltevrede, 2013; Walsh & Baker, 2017;
White & Boatwright, 2020).

In addition to ethical considerations, Prosser and colleagues (2008) invite
researchers to review the legal framework for their research. For Instagram,
it includes reviewing the Terms of Use and making sure that the use of these
techniques is permitted (it is not). Schie and colleagues (2017) lay out the research
process in three phases, in which they call for “a moment of ethical reasoning” (p.
196): research design, in which questions related to potential subjects (of the images,
in our case) are addressed; safe exploration of the data, with clear documentation
of the steps followed and storing the data in a protected environment, and the
final retrieval process.

This is where the second area of risk comes in: the ownership of images, the
intervention of commercial entities such as Facebook, Google and other large
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companies, and the protection of their business model. The debate around the
role of these companies in delimiting what is and what is not searchable is heated.
This issue is captured in the ethical frameworks of Townsend and Wallace (2016)
and Prosser and colleagues (2008), who start their model with the inclusion of
legal considerations.

Beyond the ethical argument, the legal environment in scraping images from
social networks complicates the researchers’ work, especially since providers
such as Facebook shut down their APIs in the wake of the Cambridge Analytica
case. Hirschey details the variety of options available to large companies, such as

“overwhelm the legal resources of scrapers and quickly drive them out of business”
(2014, p. 925). It thus becomes a legal and business battle that has little to do with
research ethics, as denounced by Rogers (2018) or Bruns (2019), and in which
researchers must deal with economic logic.

Cancer and health education as an example of the importance of online images

Image has played a particularly important role in the field of health
communication and education; more specifically, communication around cancer.
As early as 1978, Susan Sontag reflected on the impact breast cancer patients’
images (Sontag, 1978). Similarly, Ehrenreich (2001) makes a fierce criticism of the
cult of pink that she encountered after her breast cancer diagnosis. The image of
cancer has been studied in specialized magazines and media (Grant & Hundley,
2008), in awareness campaigns (Cartwright, 1998) and, more recently, in social
networks such as Instagram (Basch & MacLean, 2019). There is a predomination
of work devoted to discourse analysis (Débréssy et al., 2020; Gibson et al., 2016;
Sutton et al., 2018; Zhang et al., 2019), viralization dynamics (Noar et al., 2018;
Wang et al., 2019), or physiological response to images (Chou et al., 2020).

These works show the growing importance of social networks as an area of
consumption of information related to cancer, to the point of having become the
second medium of information for patients (Blanch Hartigan & Viswanath, 2015).
Pardo (2019) highlights the role of networks in the construction of a more human
image that is less dominated by medicine and depersonalization, and reflects on
the areas of production and circulation already highlighted by Rose.

Cancer is the subject of important photographic and video documentaries, such
as those by Jo Spence (1986), Angel Merendino? and Jeremy Nicholl®.

2. https://www.mywifesfightwithbreastcancer.com/
3. http://mybeautifulcancer.com/
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Documentary and analytical works share an approach: that of individual image
analysis. Through discourse and content analysis, they develop cancer stories in
an almost ethnographic effort, adding narrative value. However, in preliminary
scans conducted by the authors of this article in 2019, more than 40 million images
with keywords associated with cancer were detected on Instagram alone. Such
a volume of cancer-related images can overwhelm any attempt at this type of
social media analysis.

METHODOLOGY

For the purpose of this article, we explored images accompanied by the
hashtag #SacaPecho on Instagram during October 19, 2020, International Breast
Cancer Awareness Day. Said tag was launched by the Spanish Association Against
Cancer (Asociacién Espafiola Contra el Cincer, 2020), one of the largest non-profit
organizations in the country and with a great importance in the social image and
research funding against this disease. #SacaPecho, part of their campaign to raise
awareness about breast cancer that year, achieved thousands of impressions in
the first few hours. We will use the scraping technique to analyze the dynamics
of publication around this hashtag and its key date, detailing each step followed.
The Python programming language was used to obtain the data.

Tools used and installation
Python (Miniconda) and Pip

Python is a programming language that many social researchers are familiar
with as an alternative to R for statistical analysis. It can be downloaded as a
complete package using Miniconda, a simple installer that includes the latest
version available, plus other useful tools. Although there are other ways to
install Python, Miniconda is arguably the most intuitive and straightforward.
It is available, free of charge, from its website?. On a PC, Miniconda will appear
installed as Anaconda Prompt (miniconda 3)°.

Pipisa package installer for Python -a tool used to add components that use this
language and that add functionalities such as the production of graphs from the
data obtained or the definition of search parameters. Pip allows to download codes
developed by third parties and install them with a simple line of text through the
previously installed Anaconda Prompt (Miniconda 3). It is integrated in Miniconda
and we used it to install our scraping tools.

4. https://docs.conda.io/en/latest/miniconda.html
5. Python 3.9 version to the date of this article’s writing.
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To install both tools, simply download the installation package from the webpage
and follow the steps indicated.

Jupyter Notebook

The Python programming environment can be implemented from the command
prompt or from a dedicated word processor, a simpler and more convenient option.
Inthis case, we will use Jupyter Notebook, a tool developed specifically to facilitate
working with Python. It is an intuitive text editor. To install it, you just need to:

1. Open Anaconda Prompt (Miniconda 3), previously installed. It will open a
black screen in which we will be able to introduce text.

2. Enter this code:
conda install -c conda-forge jupyterlab

With this, Jupyter Notebook will be installed and ready to use. See below for
details on how to start it.

Instaloader e Instalooter

Instaloader and Instalooter are scraping tools that connect directly to the
Instagram database, without the need to use an official interface. Despite breaking
Instagram’s Terms of Use, both are, to the date of this article’s writing, available
through Pip, and updated regularly. The steps for installation are simple:

1. Open Anaconda Prompt (Miniconda 3).
2. Introduce the following codes:
pip install instaloader®pip install instalooter

With this, the scraping tools are installed. More information is available
on the tools’ pages:

https://instaloader.github.io/installation.html

https://instalooter.readthedocs.io/en/stable/install.html

6.Instaloader oftenresultsinerrorsifusedinabrowser from which we have recently accessed
Instagram. Most errors are solved by upgrading Instaloader to its latest version (pip install
-upgrade), updating Python (conda update python), avoiding massive downloads, and simply
waiting a few hours in case of a crash.
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Step 1. Building a folder to work

Once the working tools have been installed, the first step is simply to create
a folder in the desired directory. All the data obtained will be saved in this
folder. In our example:

C:/Users/Test/Imégenes/SacaPecho

Step 2. Search design
Using the research design process detailed by van Schie and colleagues (2017), we
propose to design a tag search employing the installed scraping tools in three steps:

2.1.  Definethehashtagtobe studied: we are interested in images accompanied
by #SacaPecho due to the importance of the Spanish Association Against
Cancer and the high volume of images related to breast cancer observed
in exploratory stages.

2.2. Define search dates: October 19, 2020, International Breast Cancer
Awareness Day, a key date in the #SacaPecho campaign.

2.3. Getanidea of how many publications have that tag. Access the Explore
page for #SacaPecho selected to understand the overall volume of images:
sacapecho/. 12,792 posts as of October 30, 2020.

That much is the information provided by Instagram in its search engine. For
any additional steps we will need a scraping tool such as Instaloader or Instalooter.

Step 3. Launch Jupyter Notebook in the desired folder

With the search parameters defined, in this third step we will be able to obtain
alist with the metadata of all the publications (or posts) made between two specific
dates and carrying a specific tag. To do this, we will use the text editor Jupyter
Lab. We launch Jupyter-Lab through Anaconda Prompt:

[Open Anaconda Prompt (Miniconda)] cd c:/Users/Test/Images/Instaloader
jupyter-lab

Entering both commands will open the default web browser with the
Jupyter Lab editor. Once inside, select Notebook > Python and we are ready
to program the search.

Step 4. Download metadata

To obtain the metadata of all images with the hashtag #SacaPecho uploaded
on October 19, 2020, we developed a code using both scraping tools. The complete
code is available upon request to the authors and is composed of two parts: a first
performs the metadata search and records them. The second part downloads a
sample of images. Thus, the code allows defining parameters such as the search
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tag, the date range, and a file in which to save the data obtained. In addition, all
the necessary Python packages have already been incorporated. It is important
to note that the developed code only downloads data from public profiles’.

#We define the hashtag (desired_tag) desired_tag="sacapecho [or another
hashtag]"

#We define the sample_size. It Will be used to later download an images’
sample. In no case should more than 100 be downloaded in a test, to avoid
overloading the system or being blocked by Instagram.

sample_size=50[or another number]
#We define the dates (SINCE and TO).
SINCE = datetime(2020, 10, 19) # Farther from today, inclusive

TO = datetime(2020, 10, 20) # Closer to today, not inclusive # Define the
destination folder.

destination="[DIRECTORIO COMPLETO DE LA CARPETA DE TRABAJO]"

# We define the file where the results will be saved with the extension .txt.
It is important not to forget to change it if another job is to be launched, to
avoid overwriting the results.

file_to_record="[ DESIRED FILE NAME].txt"

Itisalso possible tolimit the search to videos, stories, images, or reels (short-for-
mat videos). It is also possible to modify the metadata to be downloaded:

else: # the data to be requested are indicated below
print(post.shortcode,",",post.date,",",post.profile,",",post.likes)®

Step 5. Downloading images

Once the metadata has been obtained, we can download a sample of images
to check that the desired results are being collected. This fifth step is contained
in the second code cell accompanying the article, and uses the Instalooter tool,

7. Downloading private profiles is possible if the user accesses its own Instagram account via
Python, something that is not explored in this article.

8.These parametersare listed in the Instaloader documentation, but the most common fora
simple search will be post.shortcode (a number identifying the image) and post.date (upload
date). Any other parameter will slow down the search and should be edited to avoid exposing
details of the accounts studied.
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which allows us to set a maximum number of downloads between two dates. We
suggest a maximum of 50, to avoid overloading the system.

With Jupyter, we can launch both codes in a single session and start getting
results quickly. The complete code is documented and contains simple parameters
to change to modify the search.

RESULTS

The implementation of the developed code yielded data from 7556 images
uploaded to Instagram on October 19, 2020, with the hashtag #SacaPecho. A first
search, limited to the image ID and the date and time of upload, took 12 minutes to
produce a text file with the desired information. A more extensive search, including
the number of Likes and the profile that posted it, took more than five hours. We
assume this discrepancy is due to Instaloader spacing out requests for this type
of data to prevent Instagram from blocking access to it.

From the visual representation of the data obtained we can extract the hourly
distribution of the publications.

Figure 1 shows the number of posts in one-hour slots, detailing the minute of
upload. Publications with the hashtag #SacaPecho are maintained throughout the
day, with the highest peak between 09:00 and 10:00. Most posts are observed at
sharp hours (07:00, 08:00, 09:00, etc.), with the highest number of simultaneous
posts at 07:00, suggesting that a significant volume may be posts scheduled to
be uploaded at specific times, either by organizations or individuals. It is not in
vain that we observe here publications of the different profiles (national and
provincial) of the Spanish Association Against Cancer itself, possibly programmed
as part of the campaign.

Using the additional metadata, we obtained the name of the account that
uploaded each image, with a total of 6840 different accounts. It is relevant to
note the distribution of posts by account (figure 1), contrasting the volume of posts
by accounts associated with the AECC (containing AECC in their name) and by
external accounts. This suggests a great capacity for campaign outreach.

Also noteworthy is the number of likes accumulated by the images depending on
the time of publication and, especially, on the account from which the publication
originates (figure 2).

In this regard, the presence of what could be classified as super influencers is
undeniable: accounts that reach an extremely high level of visibility and Likes, especially
compared to those obtained by the publications of average users and the AECC itself.
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Chart 1. Time and minute of posts uploading to Instagram with the hashtag #SacaPecho

on October 19, 2020

Source: Own elaboration with data from Instagram.

AECC Il Yes I No

Profiles containing the word AECC in their name are shown grouped in a different color. A larger bubble
indicates a greater number of publications.

Figure 1. Distribution by number of publications on Instagram on October 19, 2020, with

the hashtag #SacaPecho, grouped by profile

Source: Own elaboration.
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tamara_gorro

saracarbonero

alejandrosanz

andresiniesta8

AECC refers to profiles that contain this acronym in their name.
Figure 2. Number of likes received by Instagram posts with the hashtag #SacaPecho made
on October 19, 2020, grouped by profile

Source: Own elaboration.

With this data, a list of the top 30 accounts was obtained by adding the Likes,
which was compared with the other two groups (figure 3).

With a few institutional exceptions such as soccer teams, most of these
superinfluencers are accounts of famous or influential people: singers, writers,
athletes, or actors. Some of them have suffered from some form of cancer and
represent the personalization of the disease’s image explored above. Along, they
multiply the reach of the accounts associated with the AECC by a factor of 75.

Using the second part of the developed code, we obtained a sample of publications,
allowing to draw a general picture of their content. To illustrate this step, we
downloaded a sample of 50 randomly selected images from the original list. All
of them include pink as the dominant color, constructing a color distribution in
accordance with Ehrenreich’s (2001) impressions already pointed out. Figure 4
shows the color distribution, so that general characteristics can be appreciated
but individual images cannot be identified.
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Group Il AECC Bl Top30 B Others

The top 30 refers to the 30 profiles that received the most Likes, while AECC refers to profiles that contain
that acronym in their name.

Figure 3. Median Likes received on posts with the hashtag #SacaPecho made on October
19, 2020, grouped into three profiles

Source: Own elaboration.

Figure 4. Composite of 50 sample images posted on Instagram with the hashtag
#SacaPecho on October 19, 2020

Source: Own elaboration.

A content analysis reveals that the sample publications prioritize contents
traditionally related to breast cancer in popular culture, highlighting images in
everyday situations: pink ribbons, scarves and masks; diagrams on the possible
manifestations of cancer that can be found in a self-examination (to detect possible
warning signs); the promotion of sports and physical activity in general, or women
in fighting pose (with the arm flexed as a sign of strength) are some of the most
repeated elements. It is worth mentioning that the content analysis of photographic
material can be the object of application of other computational methods, capable
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of processing the information of these files in an automatic way to deepen the
collective sense of the massive flow of circulation of visual messages.

DISCUSSION: ALTERNATIVES TO SCRAPING

Beyond the technical limitations, the use of these tools raises significant ethical
issues. There are alternatives to scraping, certainly. The first is, as described by
Bruns (2019), to retreat. Accept that access to images found on Instagram is hostile
and difficult, and engage in networks with easier access (Flickr, Twitter, or Reddit).
This would deny the evidence that Instagram is, today, the largest network of
images, with a great influence on social dynamics, marketing or, in our case,
communication and health education.

The second is manual work. Many of the works in social research focused on
the represented follow this method. Performing manual searches and extracting
screenshots is a mechanism used by Abidi (2016), Cinelli and colleagues (2020),
or Couture Bue (2020). It entails a problem: among Instagram’s multiple sorting
variables (such as location, hashtags, username, or date and time), only hashtags
canbe explored with some ease. From Instagram’s Explore search page, researchers
can browse the various tags associated with images. For example, by searching
for the hashtag #cancer we can see all the images with this hashtag (at the time
of writing this article, more than 17 million). This, moreover, has two limitations:
the first is that Instagram prioritizes the featured content, i.e., the content that
has received the most attention on the social network in recent days, based on a
series of algorithms that are difficult to interpret. The second is that the images are
displayed on an infinite page, without any categorization and unaccompanied by
metadata, as well as in thumbnails, so the researcher will have to go image by image
making screenshots. In this case, collecting data in volume may help eliminate the
bias of Instagram’s algorithms, but it brings us back to a technical-ethical debate.

In response, some researchers, such as Giraldo-Luque and colleagues (2018)
advocate using screen scraping tools, such as extensions for browsers like Google
Chrome. With this, any additional information about the image would be lost, and
its legality remains unclear.

A third alternative is to work through Instagram’s official API. APIs (Application
Programming Interface) are programming applications provided by the platforms,
official interfaces through which researchers can formally request the platform
to obtain the necessary data. Highfield and Leaver (2014) provide a detailed
methodology for this process, albeit written in 2014, before Instagram shut down
its APL Since then, the process for obtaining permission to use Instagram’s API
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has been confusing. Rogers (2018) and Bruns (2019) point to constant delays in
processing requests, changes in API formats, and public contests for access tied
to elusive dates. In fact, Rogers (2018) notes that the requirements for working
with official APIs such as Facebook’s are unreasonable, with high transaction
costs, and points to a return to web scraping.

However, the work of Zarei and colleagues (2020) is a promising example of the
possibilities of establishing a partnership with Instagram to obtain data through
its official API. They develop a database of (meta)data obtained from Instagram
and related to COVID-19. Although they do not detail how they achieved this, it
is reasonable to assume that they obtained explicit permission from Facebook (as
the owner of Instagram) to implement their search and crawling tool (a method
similar to scraping) thanks to the social relevance of their research topic and the
pressure to facilitate pandemic research. In principle, it could open the door to
other potential works.

The fourth option is to hope that the use of the of these techniques goes unnoticed.
Bruns (2019) and Rogers (2018) discuss this possibility, not without highlighting the
difficulties involved. We have seen it used in Himawan and colleagues (2020), Dewi
and colleagues (2019), Nobles and colleagues (2020), or Harrigan and colleagues
(2020). However, as Bruns himself points out, the more researchers use these
tools, the higher their visibility and, consequently, the higher the probability that
Facebook will detect and block them.

This brings us to what Hirschey calls a pragmatic acceptance of scraping. He
believes that providers should recognize the benefit of allowing it from an economic
standpoint, and only take legal action if “when (1) the scraper presents a threat
to the data host's core business and (2) the data host has a strong enough claim to
prevail legally against the scraper” (2014, p. 901).

Hirschey made these recommendations in 2014, aware that the legal
environment was not entirely favorable to providers, as there was no specific
regulation for the practice of scraping. Naturally, the author makes no reference
to the use of data to advance social research and development, as his argument
is purely economic. This leaves us, the social researchers, in the position of being
even more subject to economic logic in research if we want to collaborate with
providers such as Facebook.

Limitations and conclusions of the study

Scraping is a method with advantages and disadvantages and, in general, a
difficult area for social research. In a very simple way, with several lines of code
and using open source and completely free tools, we have been able to obtain key
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information to understand the distribution of cancer in social networks. While
it is true that research on Instagram is not yet at the level of work on networks
such as Twitter or Reddit (Lama et al., 2019; Record et al., 2018; Schrading et al.,
2015) -mainly due to Facebook’s corporate opacity- there are tools available to
researchers to continue learning about this network.

From a technical and ethical point of view, Instaloader and Instalooter are tools
with severe limitations. Although they facilitate data collection, scraping as such
does not provide an easy answer to the complex process of determining which
tags to explore nor how to maximize the representativeness of the data. This is
solved by a design process as described by Schie and colleagues (2017), making
the technique a support element rather than an answer.

Likewise, the design of these tools makes complex searches, where we can
cross variables such as different hashtags or different date ranges, difficult. Nor
is it possible to search by location, as Instagram does not provide that data. Itis a
frustrating method, as blockages by Instagram are common, as is the intentional
slowing down of results.

Finally, although well documented, the tools require a certain level of
programming knowledge in the Python language, and are exposed to a great
risk of disappearing, in view of the changes and limitations imposed by Facebook
in recent years. Similar tools, such as Instagram PHP Scraper, Django-Instagram,
or Instagram-Scraper face similar challenges. Commercial options such as Meta
Eyes or Vurku have not been studied in an academic environment.

The use of these resources allows the scalability of the analysis, since the
volume of information that can be processed reaches large dimensions. However,
the scraping process must seek connections with other computational methods,
which deepen the automated analysis of the images obtained. The mass production
and circulation of images in the digital ecosystem means that research teams
must be trained in the combination of various computational methods that allow
not only to collect and store, in this case, photographic archives, but also to
advance in the coding, analysis and statistical processing of the most objectifiable
aspects of visual communication. The dialogue between the possibilities offered
by computer science and the long path completed by visual sociology or visual
communication studies during the last decades appears as a fruitful space for
research during the next decade.

Our results seem to indicate that the use of scrapers can help social researchers
keep their finger on the networks’ pulse, accelerating their work. The variety
of users who have used the hashtag #SacaPecho and, especially, the super
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influencers’ individual character, suggests that the dynamics of personalization
and appropriation of the discourse of disease in social networks -as opposed,
as Pardo points out, to an exclusively medical-professional discourse- is very
present on Instagram. This only underscores the usefulness of this network for
understanding social discourse.

Obtaining this type of data at a much higher speed than we would have
achieved manually allows us to make a classification of the circulation place and
audience place (Rose, 2019) of cancer-related images. In the case of #SacaPecho, the
information gainsin relevance asitis a clearly delimited campaign, with a specific
hashtag and search date. However, it is also possible to obtain similar results for
more encompassing tags, such as #CancerdeMama, with wider time ranges. From
there, we could make a distribution by types of cancer, visualize the results, and
look for correlations between their visibility, their visual characteristics, and their
epidemiological data.

The paths open for empirical research to analyze the image in digital social
networks are as abundant as they are attractive, but ethical dilemmas and technical
difficulties will coexist as long as the economic dimension of the platforms that
host them does not find a mutually beneficial relationship with academic research
and its necessarily critical nature.
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